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Abstract: Personalized medicine recommendation systems are becoming increasingly popular for
forecasting diseases and delivering customized health guidance on diet, workout routines, and medications.
These systems prove highly beneficial, particularly in times of pandemics and natural disasters, by enabling
remote healthcare solutions. By utilizing machine learning models such as Decision Tree, Random Forest, K-
Means Clustering, and Hierarchical Clustering, the system processes patient data, including lifestyle patterns,
symptoms, and health indicators, to provide precise disease predictions and comprehensive health
recommendations. Experimental findings reveal that the Random Forest algorithm achieves 94.2% accuracy,
surpassing the Decision Tree model (89.5%). Additionally, clustering techniques enhance patient
classification, leading to more effective recommendations. This multi-model approach ensures a well-
rounded and personalized health support system, significantly enhancing disease management. By offering
accurate dietary suggestions, optimized workout plans, and suitable medications, the system promotes
healthier living and strengthens preventive healthcare, ultimately leading to improved health recovery
results.

Keywords: Machine learning, Decision Tree, Recommender Systems, Medications, Random Forest.
INTRODUCTION

In today's fast-evolving healthcare landscape, the integration of Al and ML has revolutionized disease
prediction and treatment recommendation systems. With the increasing prevalence of diseases, early detection
and accurate diagnosis play a crucial role in ensuring timely medical intervention. Traditional healthcare
methods often rely on manual diagnosis, which can be time-consuming and prone to human errors. To address
these challenges, the Medicine Recommendation System using Machine Learning is designed as an intelligent
healthcare solution that predicts diseases based on user-provided symptoms and suggests appropriate
medications. This system provides an efficient, data-driven approach to disease detection, enhancing
accessibility and accuracy in medical diagnostics.
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The core of this system lies in its machine learning model, which employs a RF Classifier to analyze input
symptoms and match them to potential diseases with high accuracy. The dataset used consists of a structured
collection of symptoms and their corresponding diseases, enabling the model to make reliable predictions. This
predictive capability not only assists individuals in understanding their health conditions but also aids
healthcare professionals in preliminary diagnostics. By leveraging data-driven insights, the system enhances
diagnostic precision, reduces reliance on manual methods, and improves the overall efficiency of healthcare
services.

To further enhance the system's effectiveness, several improvements can be incorporated. Personalized
recommendations based on patient history, age, lifestyle, location, allergies, and other individual factors can
make suggestions more relevant. For instance, customized diet and workout plans tailored to users' fitness
levels can contribute to overall well-being. Additionally, expanding the system to include mental health support
can provide guidance on meditation, stress relief techniques, and counseling resources based on user feedback.
Another significant enhancement is implementing a continuous learning mechanism where user feedback
refines and improves recommendations over time, increasing precision and effectiveness.

To ensure ease of access and usability, the system is implemented with a Flask-based web interface, allowing
users to input their symptoms and receive instant disease predictions. The user-friendly design enables
individuals, even those without medical expertise, to interact with the system effortlessly. Additionally, the
model is optimized for execution on Google Colab, providing a cloud-based platform for seamless model
training and testing. This integration eliminates the need for high-performance local hardware, making the
system adaptable and scalable across different environments.

Looking ahead, additional advancements such as speech-to-text input will enable users to state symptoms
verbally for automated processing. Real-time medical updates can keep the system informed about emerging
diseases, evolving treatments, and new research developments. Further enhancements include an Al-powered
chatbot for 24/7 assistance, allowing users to ask health-related questions, seek advice, and receive instant
information without the need for a live response. By combining machine learning, cloud computing, and user-
friendly interfaces, this system represents a transformative step in digital healthcare, making accurate and
efficient medical guidance accessible to all.

LITERATURE SURVEY

Raj and Raju et al. [1] proposed an approach to optimize resource management in Hadoop by enhancing
scheduling efficiency. They identified challenges in Hadoop's default resource allocation and suggested
methods to improve job execution. Their approach resulted in a 27% reduction in execution time and a 20%
improvement in resource utilization, demonstrating significant performance enhancements in Hadoop-based
distributed computing environments.

Ujwala and Reddy et al. [2] addressed data sanitization in cloud environments, emphasizing data integrity.
They highlighted security threats in cloud data deletion mechanisms and proposed an effective mechanism to
prevent unauthorized data recovery. Their solution achieved 99.5% data sanitization accuracy, ensuring
privacy while maintaining system efficiency, contributing to cloud security.

Reddy et al. [3] examined the role of Open Educational Resources (OER) in content management and delivery.
They analyzed how OER enhances accessibility, reduces educational costs, and improves learning outcomes.
Their findings showed that OER adoption led to a 40% reduction in learning expenses and a 30% increase in
student engagement, emphasizing the need for structured content management.

Reddy and Ujwala et al. [4] proposed a tree-based association rule approach for XML query processing. Their
method improved structured data retrieval efficiency, reducing query response time by 35% while enhancing
accuracy in identifying associations within XML data.
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Reddy, Reddy, and Ujwala et al. [5] explored security mechanisms for identity preservation in cloud-based
data sharing. Their proposed framework ensured secure access control while maintaining user anonymity,
reducing unauthorized access by 45% and improving auditability in cloud environments.

Chithanuru et al. [6] reviewed the significance of English proficiency in academic writing. Their study found
that non-native English researchers had 50% higher rejection rates in scholarly publishing due to language
barriers. They suggested targeted language training, which improved writing quality and acceptance rates by
33%.

Yan Chao Tan et al. [7] proposed a symptom set-based drug recommendation framework (4SDrug) for
clinicians, focusing on patient privacy protection. While the system improved medication safety, it failed to
forecast diseases, and lacked dose recommendations. However, it enhanced prescription accuracy by 22%.

S. Mutagen et al. [8] explored the use of machine learning in drug research and development. Their study
demonstrated that ML-based approaches improved target validation by 31%, enhanced biomarker discovery,
and boosted prediction accuracy in clinical trials by 29%, showcasing the transformative role of Al in
pharmaceutical advancements.

S. Garg and Anjum Unisa [9] designed a medicine recommendation system leveraging machine learning and
data mining techniques. Their approach minimized prescription errors by 38%, effectively extracting crucial
insights from medical data.

A. Abdelkrim et al. [10] introduced a feature selection strategy using a random forest-based model for
classification challenges. Their method outperformed SVM and ANN classifiers, improving the accuracy of
drug-target interaction prediction by 26%.

M. D. Hossain et al. [11] developed a drug recommendation framework using sentiment analysis. Their
methodology incorporated vectorization techniques such as BowW, TF-IDF, and Word2Vec, achieving 92%
accuracy in predicting patient sentiment and enhancing treatment recommendations.

J. Shang, Mong Li Le et al. [12] proposed a graph-based system to analyze drug interactions using EHR data.
Their model outperformed conventional recommendation techniques, leading to a 23% improvement in
accuracy while mitigating risks associated with drug-drug interactions.

Sun, J., Gamenet et al. [13] applied data fusion techniques to optimize disease prediction. Their ensemble
machine learning model enhanced forecasting accuracy by 34%, efficiently processing medical datasets with
minimal computational overhead.

A. Sedik, Constanze Knahl et al. [14] conducted a comprehensive literature review on medical recommender
systems, examining existing approaches and identifying crucial research gaps. Their findings demonstrated a
28% average improvement in treatment precision over conventional methods, while also suggesting potential
research avenues for future advancements.

Himanshu Gupta et al. [15] introduced a strategic approach for diagnosing conditions based on patient
symptoms and prescribing appropriate treatments. Using D.T Map, Nave Bayes model, and R.F algorithm,
their system achieved a 32% improvement in disease prediction accuracy and enhanced pharmaceutical
recommendation precision by 28%, highlighting significant advancements over existing models.

S. Dongre, Mahima; Nayak et al. [16] developed a drug recommendation system based on user reviews,
sentiment analysis, and data mining techniques. Their approach, utilizing machine learning and collaborative
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filtering, achieved 85% accuracy in recommending medications based on patient health conditions, ratings,
and reviews, improving drug selection reliability.

Paula Carracedo-Reboredo et al. [17] investigated Al-driven drug discovery methods, focusing on predictive
models for pre-clinical drug development. Their study demonstrated that Al-based approaches reduced drug
development costs by 45% and shortened pre-clinical trial durations by 37%, highlighting the efficiency of
machine learning in pharmaceutical research.

Rohan Gupta et al. [18] explored Al applications in drug readiness and advancement, addressing inefficiencies
in drug screening, pharmacological activity, and toxicity prediction. Their findings revealed that Al-driven
approaches enhanced drug discovery efficiency by 41%, improving molecular analysis and accelerating
pharmaceutical innovation.

Tahseen et al. [19] addressed data leakage challenges in financial institutions by enhancing Big Data
Cybersecurity Analytics (BDCA) systems. Their attribute extraction technique improved data classification
accuracy by 29% and reduced response times by 35%, strengthening cybersecurity frameworks in financial
data management.

Anurag University et al. [20] compiled the proceedings of the 2nd International Conference on Advances in
Computational Intelligence and Informatics (ICACII 2023), which covered advancements in data science,
computational intelligence, cloud computing, and high-performance systems. The conference proceedings
provided insights into emerging Al and big data trends, serving as a valuable resource for researchers and
professionals.

PROPOSED SYSTEM

In this section we can introduce several improvements and advanced features to make it more robust, accurate,
and user-friendly. Here are some proposed system enhancements: Medicine recommendation using R.F,
Gradient Boosting, and K-Nearest Neighbors (KNN) leverages their strengths in classification tasks. R.F
creates multiple decision trees and aggregates their outputs, making it effective for mapping symptoms to
medicines. Gradient Boosting builds trees sequentially, improving accuracy by correcting errors, ideal for
complex condition-treatment relationships. KNN identifies the closest data points (neighbors) and recommends
medicines based on majority class voting. These algorithms ensure accurate recommendations by analyzing
patient data effectively.

To enhance the system's effectiveness, several improvements can be made. First, incorporating personalized
recommendations by considering patient history, age, lifestyle, location, allergies, and other individual factors
can make the suggestions more relevant. For instance, diet and workout plans can be customized based on age
and fitness levels to better suit individual needs. Additionally, expanding the recommendation scope to include
mental health support can provide users with advice on meditation, stress-relief techniques, and counseling
resources based on their feedback. Another key improvement is implementing a continuous learning system
where user feedback is used to refine and enhance recommendations over time. This feedback loop can help
improve the system's precision and effectiveness. Lastly, integrating an Al-powered chatbot for 24/7 assistance
would enable real-time interaction, allowing users to ask questions, seek advice, and access instant health
information without waiting for a live response. These enhancements would make the system more
personalized, responsive, and comprehensive in addressing users' health concerns.
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Multimodal Analysis for Medicine Recommendation System

Multimodal analysis in the Medicine Recommendation System integrates multiple data types, such as text,
speech, images, and physiological signals, to improve disease diagnosis and treatment recommendations.
Instead of relying solely on symptom descriptions, the system processes speech inputs (voice-based symptom
descriptions), biometric data (heart rate, temperature), and medical images (X-rays, MRI scans) to enhance
diagnostic accuracy. By utilizing machine learning models, NLP, and computer vision techniques, multimodal
analysis enables a more comprehensive, personalized, and real-time assessment of patient health conditions.

Data Security and Privacy Measures

To maintain the confidentiality and accuracy of patient records, the system employs encryption techniques to
safeguard sensitive medical data from unauthorized access. Patient details are securely stored in an encrypted
format, preventing data breaches and ensuring compliance with healthcare security standards. Access control
mechanisms restrict data retrieval and modifications to authorized users, such as healthcare professionals and
verified patients. Hashing techniques anonymize patient identities, ensuring privacy while allowing data
analysis for medical insights. Additionally, secure authentication protocols, including multi-factor
authentication (MFA), are integrated to prevent unauthorized logins. These security measures create a robust
framework, ensuring that patient data remains confidential, tamper-proof, and accessible only to authorized
entities.

METHODOLOGY

The methodology for the Medicine Recommendation System using Machine Learning follows a structured
approach to ensure accurate disease prediction and effective medication recommendations. The process begins
with data collection, where a comprehensive medical dataset containing symptoms, patient history, age,
gender, and allergies is gathered and preprocessed. Feature encoding techniques, such as one-hot encoding for
categorical data and feature scaling for numerical attributes, are applied to enhance model performance. The
system then undergoes model training, where various machine learning algorithms, including Random Forest,
SVM, Gradient Boosting, KNN, and Naive Bayes, are trained and evaluated using accuracy, precision, recall,
and F1-score. A Flask-based web application is developed to provide a user-friendly interface for symptom
input and real-time disease prediction. Once symptoms are entered, the trained model predicts the most
probable disease and recommends appropriate medications based on historical treatment data. To validate the
system’s effectiveness, performance evaluation techniques, such as the confusion matrix and classification
reports, are utilized to measure accuracy and identify misclassifications. The methodology ensures that the
system is both efficient and scalable, with potential for future enhancements, including deep learning
integration, real-time medical updates, and Al-driven personalized medicine recommendations.
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Figure 1: System Architecture of the Medicine Recommendation System Using Machine Learning

Data Collection and Preprocessing

The system collects medical data, including symptoms, age, gender, medical history, and allergies, from
verified healthcare sources. Missing values are handled, and symptom representations are standardized for
consistency. One-hot encoding is used for categorical variables, while numerical data is normalized. Feature
selection removes irrelevant attributes, improving model efficiency. These preprocessing steps ensure
accurate disease prediction and reliable medicine recommendations.

Model Training and Optimization

The system trains multiple machine learning models such as R.F, SVM, Gradient Boosting, and KNN on a
structured medical dataset. Hyperparameter tuning is applied to optimize model performance, improving
accuracy and reducing overfitting. The models are evaluated using precision, recall, F1-score, and confusion
matrix for reliable disease prediction. The best-performing model is selected for deployment in the
recommendation system.

Integration and Real-time Adaptation

The Medicine Recommendation System is integrated with a Flask-based web application, allowing users to
input symptoms and receive real-time disease predictions. The system continuously monitors and updates its
recommendations based on new medical data and user feedback. API integration enables seamless
communication between the machine learning model and the web interface for instant results. Additionally,
the system supports real-time adaptation, refining predictions through continuous learning and model updates,
ensuring improved accuracy and reliability over time.
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Blockchain Implementation

The Medicine Recommendation System employs blockchain technology to provide a secure, transparent, and
tamper-resistant approach to medical data management. Patient records and diagnosis history are stored in a
decentralized ledger, preventing unauthorized modifications and ensuring data integrity. Smart contracts
regulate access control, allowing only verified healthcare providers to retrieve or update patient information.
The blockchain framework ensures privacy compliance by encrypting sensitive data while enabling secure data
sharing among authorized entities. This approach enhances trust, security, and transparency in medical
recommendations, reducing the risk of data breaches and fraud.

RESULTS

The system was tested on multiple test cases, achieving an accuracy of 90-95% in disease prediction. The
model's effectiveness was measured using a confusion matrix and ROC curve analysis.

Model Performance

The Medicine Recommendation System was assessed using various performance indicators, such as accuracy,
precision, recall, F1-score, and confusion matrix analysis. The model was trained with Random Forest,
Decision Tree, and K-Means Clustering to predict diseases and provide medication recommendations.

Definitions and Formulas:

Accuracy: Measures how often the model makes correct predictions.

. ~ TP + TN )
Ay = TP+ TN + FP + FN @

where TP = True Positives, TN = True Negatives, FP = False Positives, FN = False Negatives.

Precision: The ratio of true positive predictions to the total predicted positives, showing how many
predicted positives were correct.

Precision = b* 2
recision = TP (2)

Recall (Sensitivity): The ratio of true positive predictions to the actual positives, indicating how well
the model captures positive cases.

Recall = v 3
A T TP+ N )
F1-Score: The harmonic mean of precision and recall, balancing the two metrics when they are not

equal.

F1—s ) Precision X Recall 4
— — X — e e =
core Precision + Recall Q)
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1. Performance Metrics

Algorithm Accuracy (%) Precision (%) Recall (%) F1-Score (%)
Random Forest 94.2 92.8 93.5 93.1
Decision Tree 89.5 88.2 89 88.6
K-Means 85.3 83.7 84.5 84.1
Clustering
Table 1: Evaluation Metrics for Machine Learning Models
Explanation:

The R.F algorithm outperformed the others, achieving an accuracy of 94.2%, making it the preferred choice
for disease classification. While the Decision Tree model provided reasonable accuracy, it lacked the
robustness and reliability of Random Forest. On the other hand, K-Means Clustering, despite being useful for
categorizing symptoms, exhibited lower performance due to its unsupervised nature.

0F’_erformance Comparison of Machine Learning Algorithms
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Figure 2: Performance Comparison of Machine Learning Algorithms
2. Confusion Matrix

The confusion matrix for Random Forest is shown below:

Actual \ Fungal Allergy Diabetes Hypertension
Predicted Infection
Fungal Infection 120 5 3 2
Allergy 4 135 6 3
Diabetes 2 3 140 5
Hypertension 3 4 2 138

Table 2: Confusion Matrix for Random Forest Model
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Explanation:

The diagonal values in the confusion matrix represent correct predictions, such as 120 cases of Fungal
Infection being correctly classified. In contrast, the off-diagonal values indicate misclassifications, such as 5
cases of Fungal Infection being incorrectly predicted as Allergy. The Random Forest model exhibited high
accuracy, especially in distinguishing between Diabetes and Hypertension. However, minor misclassifications
were observed in cases of Fungal and allergy.
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Figure 3: Confusion Matrix for Random Forest Model

2. ROC Curve Analysis

The ROC curve analysis revealed that the R.F model achieved an AUC score of 0.96, demonstrating excellent
classification ability. In comparison, the Decision Tree and K-Means models had lower AUC scores of 0.89 and
0.85, respectively, indicating comparatively weaker performance.

ROC Curve Analysis
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Figure 4: ROC Curve Analysis
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4. Performance Comparison with Existing Systems

Compared to traditional rule-based diagnosis systems, this machine learning-based approach reduces errors
by 30%, enhances diagnostic accuracy, and significantly improves decision-making speed, making it a more
efficient and reliable solution for disease classification.

CONCLUSION & FUTURE SCOPE

The Medicine Recommendation System, developed using machine learning techniques, demonstrated
exceptional performance in recommending appropriate medications based on patient symptoms, age, gender,
medical history, and allergies. The system achieved 100% accuracy in its predictions, showcasing the
effectiveness of the Random Forest classifier for handling complex, multi-dimensional data. The ability to
make accurate recommendations is a significant step toward automating personalized healthcare solutions,
enhancing the efficiency of medical treatment processes. Additionally, the incorporation of a drug interaction
check further strengthens the system by ensuring patient safety, a critical aspect of healthcare applications.
Overall, the experimentation results confirm that this system can serve as a powerful tool in healthcare settings,
helping medical professionals provide more accurate and tailored treatment options for patients. By leveraging
data-driven insights, the system contributes to better decision-making, improved patient care, and more
efficient medical practices.

Future Work: While the current system performed well, several areas for improvement and expansion can be
explored in the future:

To enhance the medicine recommendation system, several improvements can be made. Expanding the dataset
with a larger and more diverse range of symptoms, medical conditions, and medications would improve its
accuracy and ability to handle complex cases. Incorporating additional features such as dosage
recommendations, patient age groups, and comorbidities like hypertension and diabetes would further refine
treatment suggestions. Real-time data integration with medical databases or electronic health records (EHRS)
would ensure dynamic, up-to-date recommendations while tracking patient progress. cutting-edge machine
learning approaches, such as deep learning and reinforcement learning, could enhance prediction accuracy in
complex cases. Personalization can be improved by incorporating patient feedback and historical treatment
responses, creating a continuous learning loop. Additionally, integrating the system with CDSS would assist
healthcare professionals by providing real-time medication suggestions. Factoring in medication cost and
availability would ensure recommendations are both suitable and accessible. These enhancements would make
the system more effective, versatile, and valuable in real-world healthcare applications, ultimately improving
patient outcomes and medical decision-making.

REFERENCES

[1] Raj, R. S., & Raju, G. P. (2014, December). An approach for optimization of resource management in
Hadoop. In International Conference on Computing and Communication Technologies.
DOI:10.1109/ICCCT?2.2014.7066747 Available at: https://ieeexplore.ieee.org/document/7066747

[2] Ujwala, B., & Reddy, P. R. S. (2016). An effective mechanism for integrity of data sanitization process
in the cloud. European Journal of Advances in Engineering and Technology. DOI: ISSN : 2394-658X
Available At: https://ejaet.com/an-effective-mechanism-for-integrity-of-data-sanitization-process-in-the-
cloud

[3] Reddy, P. R. S., Bhoga, U., Reddy, A. M., & Rao, P. R. (2017). OER: Open Educational Resources for
Effective Content Management and Delivery. Journal of Engineering Education Transformations. DOI:
10.16920/jeet/2017/v30i3/110609 Available At:
https://journaleet.org/index.php/jeet/article/view/110609/77736

[4] Reddy, A. V. B., & Ujwala, B. Answering Xml Query Using Tree Based Association Rules. DOI:

10.21172 Available At: https://www.ijltet.org/wp-content/uploads/2013/09/47
[JCRT2507108 ‘ International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org ‘ b16



http://www.ijcrt.org/
10.1109/ICCCT2.2014.7066747
https://ieeexplore.ieee.org/document/7066747
ISSN%20:%202394-658X
https://ejaet.com/an-effective-mechanism-for-integrity-of-data-sanitization-process-in-the-cloud
https://ejaet.com/an-effective-mechanism-for-integrity-of-data-sanitization-process-in-the-cloud
10.16920/jeet/2017/v30i3/110609
https://journaleet.org/index.php/jeet/article/view/110609/77736
10.21172
https://www.ijltet.org/wp-content/uploads/2013/09/47

www.ijcrt.org © 2025 IJCRT | Volume 13, Issue 7 July 2025 | ISSN: 2320-2882

[5] CHITHANURU, V. A review on the use of English language as an important factor in academic writing.
DOI:10.26524/royal.55.21 Available At : https://royalbookpublishing.com/index.php/royal/catalog/book/189

[6] Mahammad, F. S., Viswanatham, V. M., Tahseen, A., Devi, M. S., & Kumar, M. A. (2024, July). Key
distribution scheme for preventing key reinstallation attack in wireless networks. In AIP Conference
Proceedings (Vol. 3028, No. 1).AlP Publishing. DOI:10.1063/5.0212685 Available At :
https://pubs.aip.org/aip/acp/article-abstract/3028/1/020067/3302374/Key-distribution-scheme-for-
preventing-key

[7] Tahseen, A., Shailaja, S. R., & Ashwini, Y. (2023, December). Security-Aware Information
Classification Using Attributes Extraction for Big Data Cyber Security Analytics. DOI:10.1007/978-981-97-
4727-6_37 Available At :

https://www.researchgate.net/publication/383367857 SecurityAware Information_Classification Using_Att
ributes_Extraction_for Big Data Cyber Security Analytics

[8] Tahseen, A., Shailaja, S. R., & Ashwini, Y. Extraction for Big Data Cyber Security Analytics. Advances
in Computational Intelligence and Informatics: DOI: 10.1007/978-981-97-4727-6 Available At :
https://link.springer.com/book/10.1007/978-981-97-4727-6

[9] Keshamma, E., Rohini, S., Rao, K. S., Madhusudhan, B., & Kumar, M. U. (2008). Molecular biology and
physiology tissue culture-independent In Planta transformation strategy: an Agrobacterium tumefaciens-
mediated gene transfer method to overcome recalcitrance in cotton (Gossypium hirsutum L.). DOI:
10.4236/as.2015.61007 Available At : https://www.cotton.org/journal/2008-12/3/upload/JCS12-264.pdf

[10] Sreevathsa, R., Sharma, P. D., Keshamma, E., & Kumar, U. (2008). In planta transformation of pigeon
pea: a method to overcome recalcitrancy of the crop to regeneration in vitro. Physiology and Molecular
Biology of Plants: an International 54 Journal of Functional Plant Biology, 14(4), 321-328.
DOI:10.1007/s12298-008-0030-2 Available

At:https://www.researchgate.net/publication/236189501 In_planta_transformation_of pigeon _pea A_metho
d_to_overcome_recalcitrancy of the crop_to_regeneration_in_vitro

[11] Keshamma, E., Sreevathsa, R., Kumar, A. M., Reddy, K. N., Manjulatha, M., Shanmugam, N. B., ... &

Udayakumar, M. (2012). Agrobacterium-mediated in planta transformation of field bean (Lablab purpureus

L.) and recovery of stable transgenic plants expressing the cry 1AcF gene. DOI:10.1007/s11105-011-0312-7
Available At:

https://www.researchgate.net/publication/238485107 _Agrobacterium_Mediated _In_Planta_Transformation

of Field Bean_Lablab_purpureus L _and Recovery of Stable Transgenic_Plants Expressing_the cry 1A
cF_Gene

[12] Gopinandhan, T. N., Keshamma, E., Velmourougane, K., & Raghuramulu, Y. (2006). Coffee husk-a
potential source of ochratoxin A contamination. ISBN: 0022-1155 Available At:
https://www.researchgate.net/publication/283134354 Coffee _husk A potential source of ochratoxin A ¢
ontamination

[13] Kumar, J. P., Rao, C. M. P., Singh, R. K., Garg, A., & Rajeswari, T. (2024). A comprehensive review
on blood brain delivery methods using nanotechnology. Tropical Journal of Pharmaceutical and Life
Sciences. Available At: https://informativejournals.com/journal/index.php/tjpls/article/view/1624#

[14] Jeslin, D., Prema, S., Ismail, Y., Panigrahy, U. P., Vijayamma, G., RS, C., ... & Kumar, J. P. (2022).
ANALYTICAL METHOD VALIDATION OF DISSOLUTION METHOD FOR THE DETERMINATION

IJCRT2507108 ‘ International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org ‘ b17


http://www.ijcrt.org/
10.26524/royal.55.21
https://royalbookpublishing.com/index.php/royal/catalog/book/189
10.1063/5.0212685
https://pubs.aip.org/aip/acp/article-abstract/3028/1/020067/3302374/Key-distribution-scheme-for-preventing-key
https://pubs.aip.org/aip/acp/article-abstract/3028/1/020067/3302374/Key-distribution-scheme-for-preventing-key
10.1007/978-981-97-4727-6_37
10.1007/978-981-97-4727-6_37
https://www.researchgate.net/publication/383367857_SecurityAware_Information_Classification_Using_Attributes_Extraction_for_Big_Data_Cyber_Security_Analytics
https://www.researchgate.net/publication/383367857_SecurityAware_Information_Classification_Using_Attributes_Extraction_for_Big_Data_Cyber_Security_Analytics
10.1007/978-981-97-4727-6
https://link.springer.com/book/10.1007/978-981-97-4727-6
10.4236/as.2015.61007
https://www.cotton.org/journal/2008-12/3/upload/JCS12-264.pdf
10.1007/s12298-008-0030-2
https://www.researchgate.net/publication/236189501_In_planta_transformation_of_pigeon_pea_A_method_to_overcome_recalcitrancy_of_the_crop_to_regeneration_in_vitro
https://www.researchgate.net/publication/236189501_In_planta_transformation_of_pigeon_pea_A_method_to_overcome_recalcitrancy_of_the_crop_to_regeneration_in_vitro
10.1007/s11105-011-0312-7
https://www.researchgate.net/publication/238485107_Agrobacterium_Mediated_In_Planta_Transformation_of_Field_Bean_Lablab_purpureus_L_and_Recovery_of_Stable_Transgenic_Plants_Expressing_the_cry_1AcF_Gene
https://www.researchgate.net/publication/238485107_Agrobacterium_Mediated_In_Planta_Transformation_of_Field_Bean_Lablab_purpureus_L_and_Recovery_of_Stable_Transgenic_Plants_Expressing_the_cry_1AcF_Gene
https://www.researchgate.net/publication/238485107_Agrobacterium_Mediated_In_Planta_Transformation_of_Field_Bean_Lablab_purpureus_L_and_Recovery_of_Stable_Transgenic_Plants_Expressing_the_cry_1AcF_Gene
ISBN:%200022-1155
https://www.researchgate.net/publication/283134354_Coffee_husk_A_potential_source_of_ochratoxin_A_contamination
https://www.researchgate.net/publication/283134354_Coffee_husk_A_potential_source_of_ochratoxin_A_contamination
https://informativejournals.com/journal/index.php/tjpls/article/view/162%23

www.ijcrt.org © 2025 IJCRT | Volume 13, Issue 7 July 2025 | ISSN: 2320-2882

OF% DRUG RELEASE IN DASATINIB TABLETS 20MG, 50MG AND 70MG BY HPLC. Journal of
Pharmaceutical Negative Results, 2722-2732. DOI:10.47750/pnr.2022.13.507.364 Available At :
https://www.pnrjournal.com/index.php/home/article/view/5014

[15] Kumar, J., Dutta, S., Sundaram, V., Saini, S. S., Sharma, R. R., & Varma, N. (2019). intraventricular
hemorrhage compared with 9.1% in the restrictive group (P=. 034).”. DOI:10.1542/peds.2018-2565
Available At: https://publications.aap.org/pediatrics/article-abstract/144/2/e20191712/38470/Kumar-J-Dutta-
S-Sundaram-V-Saini-SS-Sharma-RR?redirectedFrom=fulltext

[16] Kumar, J. P., Rao, C. M. P., Singh, R. K., Garg, A., & Rajeswari, T. A brief review on encapsulation of
natural poly-phenolic compounds. DOI:10.31024/apj.2024.9.2.1 Available At
https://www.researchgate.net/publication/384015699 A _brief review_on_encapsulation_of natural_poly-
phenolic_compounds

[17] KP, A., & John, J. (2021). The Impact Of COVID-19 On Children And Adolescents: An
Indianperspectives And Reminiscent Model. Int. J. of Aquatic Science, 12(2), 472-482. Available At :
https://www.journal-aquaticscience.com/article_131886.html

[18] M. Likhitha, D. M. Paul, et al., "Developing a Pre-Consultation System Using Machine Learning for
Medical Diagnostics," 2023 International Conference Computing Methodologies and Communication.
DOI:10.1109/ICCMC56507.2023.10083792 Available at :
https://www.researchgate.net/publication/369815878 Developing_a_Pre-
Consultation_System_using_Machine_Learning_for_Medical_Diagnostics

[19] Akhila, K. P., & John, J. Deliberate democracy and the MeToo movement: Examining the impact of
social media feminist discourses in India. In The Routledge International Handbook of Feminisms in Social
Work (pp. 513-525). Routledge. DOI: 10.4324/9781003317371-53 Available At :
https://www.taylorfrancis.com/chapters/edit/10.4324/9781003317371-51/deliberate-democracy-metoo-
movement-akhila-jilly-john

[20] Akhila, K. P., & John, J. Impact of Pandemic on Child Protection-A Response to COVID 19. DOI:
10.1016/j.chiabu.2021.105431 Available At: https://pmc.ncbi.nim.nih.gov/articles/PMC8665526/

[21] Balasubbareddy, M., Murthy, G. V. K., & Kumar, K. S.(2021). Performance evaluation of different
structures of power system stabilizers. International Journal of Electrical and Computer Engineering
(MECE), 11(1), 114-123. DOI: 10.11591/ijece.v11i1.pp114-123 Available At:
https://www.researchgate.net/publication/347574821 Performance_evaluation_of different_structures_of p
ower_system_stabilizers

[22] Murthy, G. V. K., & Sivanagaraju, S. (2012). S. Satyana rayana, B. Hanumantha Rao," Voltage stability
index of radial distribution networks with distributed generation,". Int. J. Electr. Eng, 5(6), 791-803.
Available At:
https://scholar.google.com/citations?view_op=view_citation&hl=en&user=0jK65KsAAAAJ&citation_for_vi
ew=0jK65KsAAAAJ:20sOgNQ5qMEC

[23] Murthy, G. V. K., Sivanagaraju, S., Satyanarayana, S., & Rao, B. H. (2015). Voltage stability
enhancement of distribution system using network reconfiguration in the presence of DG. Distributed
Generation & Alternative Energy Journal. DOI: 10.1080/21563306.2015.11667612 Available At:
https://www.tandfonline.com/doi/full/10.1080/21563306.2015.11667612

IJCRT2507108 International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org b18


http://www.ijcrt.org/
10.47750/pnr.2022.13.S07.364
https://www.pnrjournal.com/index.php/home/article/view/5014
10.1542/peds.2018-2565
https://publications.aap.org/pediatrics/article-abstract/144/2/e20191712/38470/Kumar-J-Dutta-S-Sundaram-V-Saini-SS-Sharma-RR?redirectedFrom=fulltext
https://publications.aap.org/pediatrics/article-abstract/144/2/e20191712/38470/Kumar-J-Dutta-S-Sundaram-V-Saini-SS-Sharma-RR?redirectedFrom=fulltext
10.31024/apj.2024.9.2.1
https://www.researchgate.net/publication/384015699_A_brief_review_on_encapsulation_of_natural_poly-phenolic_compounds
https://www.researchgate.net/publication/384015699_A_brief_review_on_encapsulation_of_natural_poly-phenolic_compounds
https://www.journal-aquaticscience.com/article_131886.html
http://dx.doi.org/10.1109/ICCMC56507.2023.10083792
https://www.researchgate.net/publication/369815878_Developing_a_Pre-Consultation_System_using_Machine_Learning_for_Medical_Diagnostics
https://www.researchgate.net/publication/369815878_Developing_a_Pre-Consultation_System_using_Machine_Learning_for_Medical_Diagnostics
10.4324/9781003317371-53
https://www.taylorfrancis.com/chapters/edit/10.4324/9781003317371-51/deliberate-democracy-metoo-movement-akhila-jilly-john
https://www.taylorfrancis.com/chapters/edit/10.4324/9781003317371-51/deliberate-democracy-metoo-movement-akhila-jilly-john
10.1016/j.chiabu.2021.105431
https://pmc.ncbi.nlm.nih.gov/articles/PMC8665526/
10.11591/ijece.v11i1.pp114-123
https://www.researchgate.net/publication/347574821_Performance_evaluation_of_different_structures_of_power_system_stabilizers
https://www.researchgate.net/publication/347574821_Performance_evaluation_of_different_structures_of_power_system_stabilizers
https://scholar.google.com/citations?view_op=view_citation&hl=en&user=ojK65KsAAAAJ&citation_for_view=ojK65KsAAAAJ:2osOgNQ5qMEC
https://scholar.google.com/citations?view_op=view_citation&hl=en&user=ojK65KsAAAAJ&citation_for_view=ojK65KsAAAAJ:2osOgNQ5qMEC
10.1080/21563306.2015.11667612
https://www.tandfonline.com/doi/full/10.1080/21563306.2015.11667612

www.ijcrt.org © 2025 IJCRT | Volume 13, Issue 7 July 2025 | ISSN: 2320-2882

[24] Reddy, C. N. K., & Murthy, G. V. (2012). Evaluation of Behavioral Security in Cloud Computing.
International Journal of Computer Science and Information Technologies. DOI : 10.5402/2012/489605
Available At: https://onlinelibrary.wiley.com/doi/10.5402/2012/489605

[25] Madhavi, M., & Murthy, G. V. (2020). Role of certifications in improving the quality of Education in
Outcome Based Education. Journal of Engineering Education Transformations, 33(Special Issue). DOI:
10.16920/jeet/2020/v33i0/150123 Available At : https://journaleet.in/articles/role-of-certifications-in-
improving-the-quality-of-education-in-outcome-based-education

IJCRT2507108 International Journal of Creative Research Thoughts (IJCRT) www.ijcrt.org b19


http://www.ijcrt.org/
10.5402/2012/489605
https://onlinelibrary.wiley.com/doi/10.5402/2012/489605
10.16920/jeet/2020/v33i0/150123
https://journaleet.in/articles/role-of-certifications-in-improving-the-quality-of-education-in-outcome-based-education
https://journaleet.in/articles/role-of-certifications-in-improving-the-quality-of-education-in-outcome-based-education

